The Mistral Forge
Decision Guide

Matching the precise tool
to the actual job.

. An objective framework to evaluate Mistral Forge, prevent over-engineered Al
commitments, and define the optimal path to sovereign value.
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The Most Expensive Mistake
In Enterprise Al
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¥ The Core Thesis \xm;; N
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The error isn't picking the wrong vendor. It is reaching

for the deepest, costliest rung—a custom-trained -
model—when a cheaper, lighter tool solves the actual
problem faster and is easier to update.
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Mistral Forge is a genuinely capable, sovereign platform.
But it is a scalpel. Most jobs call for a simpler tool. It e
earns its keep only at a very specific intersection of __
need, and misses the mark everywhere eiseE\'ga{fgyﬂEEﬂJ
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The Honest Filter: Four Mandatory Conditions

r,*ﬂunzyr single miss, and a
cheaper path almost
I_n::tre.»rtainly.iF wins.
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 Gate 1 (API Ban): NGate2 . J Gate 3 (Changed \ | Gate 4 (Data Maturity):\
'Datais too sensitive for " (Hard Sovereignty): . rPrnpriEtary knowledge : E Clean, structured data
third-party APIs. (Not a Genuine constraint for must change how the and an attmit an ML
preference—a hard on-prem, EU residency, model reasons, not team capable of
regulatory/mission-failure air-gapped, or non-US merely what it can managing evaluation and
constraint). vendor control. look up. retraining.
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The Point of Failure:
Data Maturity and Capacity
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Data Wrangling
& Maintenance
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The Reality Check

Enterprises spend more
than half their time just
maintaining and organizing

~

data, rather than using it.
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" The Forge Trap ) /N
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If your team is still wrangling
messy, ungoverned data,
Forge will only sell you a
capability you cannot wield.

If data isn't ready, no amount
of model sophistication will
save the output.

Directive

Fix the foundation first.
Forge amplifies whatever
you feed it.
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The Cognitive Split: Reasoning vs. Retrieval

fw[ The Diagnostic Question: Does my problem need the model to know new facts, or to think differently? ]-r—r
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d Reasoning (The Brain) -I+ J- Retrieval (The Filing Cabinet) o
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Specialist knowledge genuinely reshapes the model's judgment The model needs access to current documents/policies. _,,/p
1 (e.g., engineering constraints, local legal frameworks). Verdict: Use RAG. Retrieval has a cheaper, better home than |-
0 l.verdict: Forge is justified. r model weights. ‘;
‘ » o . _ _ | 0
1 ' Model Weights e, L RAG / Document Store
L (Logic, constraints, judgment) S

~ (Citations, facts, policies) '
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The Target Adopter Profile
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Government & Defense

@]

Local language/law, air-gapped

operation (Archetype:
Singapore's HTX and DSO0).
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Telecom & Infrastructure | A
Decades of engineering |
documentation and network ——
specs (Archetype: Ericsson). E
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The Common Thread: High-consequence use
cases + valuable structured data + hard

sovereignty constraint + in-house maturity.
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P e T FYe ey, M i S Regulated Finance :
; = %:\\ - ’/ —17| Compliance and regulatory e
- g ~X ; | reasoning internalized under
== .|| strict data control. Dfﬁ’ﬂuﬂ
== l 1 1 g |
s E‘——EE.——_“ -~ < .-’/-’ i - 2 ' '_I
> :5_5_' = __r::_j: == < |d . Industrial & Manufacturingl
e e e W T —+{| Specialist vocabulary, operation.
constraints, diagnostic :
knowledge (Archetype: ASML, |~
. = Aerospace). = |
=|| Deep-Code Tech <> d
||| Models tuned to massive |
proprietary codebases and | —— ]
internal standards.
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The Disqualifiers: Not This, Not Now

A

Want document search or a support

Indicator 1:
Knowledge Bots

=

bot? That is a RAG problem. Full stop.

A
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Indicator 2:
Fluid Facts

Knowledge that changes frequently,
requires precise citation, or must be
deleted on demand belongs in a
document store, not baked into weights.

R /

=

—
Indicator 3:
Immature Data

Still wrangling messy data? Fix it first.

Indicator 4: Need

=
@ for Speed/Cost

If you need cheap, fast, and easily
updatable solutions, custom training
is the wrong path.
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Indicator 5:
No ML Capacity

Small/mid-sized orgs without ML
capacity are buying a program they
cannot staff.

e En

Indicator 6:
Unanswered Lock-In

o

Stop if you cannot answer who owns
the weights, if you can run the model

without Mistral, and what base-model *

license terms apply.

/— & NotebookLM



4

The Al Escalation Ladder
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‘Rung 2: RAG

| Rung 3: Conventional
| Fine-Tuning

'Rung 4: Self-Hosted
‘Open Weights

| Buys on-prem control without

the custom commitment.
Best for: Sovereignty and
control, but no managed

pre-training need.
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‘Managed (Forge)

Rung 5 (Top): Custom |

“The highest cost and
complexity.
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Cheaper than custom training.
Best for: Consistent output
format, tone, or classification.

Changes behavior, not knowledge.
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Facts live in an editable

T

document store.
Best for: Changing, citable,

deletable knowledge (internal
assistants/support).
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Rung 1: Prompt Engineering |

Fast, free, no model change.
Best for: Testing whether Al
helps at all. Prove value first.
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The Closest Alternative: S0 Y 4
Self-Hosted Open Weights //a—_, NN
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Self-hosted Open Weights Mistral Forge
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The Proposition: Running models like Qwen, DeepSeek, or
Mistral-open on your own hardware + RAG + light fine-tune.
=]1 What You Give Up: Mistral's managed pre-training, embedded
What You Keep: Your data, your infrastructure, your engineering, and deep domain adaptation.
independence, and a fraction of the cost/commitment. It is a fully
reversible sovereign path for teams with modest ML capacity.
= -l
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The Verdict: If the true driver is purely sovereignty and control—not embedded
engineering—this path delivers the benefit without the Forge-level commitment.

29|

BENIE | | [ NotebookLm



4

The Reversibility Spectrum
Liquid / Agile

-

‘rFuII Custom-Model Program / Forge:

'Heavy commitment. Sunk costs, dependency, and l
knowledge embedded deep in model weights that
_cannot be cleanly extracted, edited, or deleted.

"Prompting, RAG, Light Fine-tuning:

| Easy to change, swap, or abandon. You are
never far from a different provider or approach.
_Allows you to easily change your mind.

=

Takeaway: Before committing to Forge, weigh how hard it would be |
to walk back if it fails. Forge demands absolute certainty up front. |
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The Practical Evaluation Sequence

Step 3: Evaluate Forge

Step 1: Prompt + RAG

Step 2: Targeted Fine-Tuning

Evaluate Forge if and only
if you pass all four honest
filter conditions.

Apply only if you need strict
consistency in behavior,
format, or classification.

Prove value and handle
changing, citable knowledge.

'Note: Mnst nrgamzatlnns
_should stop here.
The Baseline Showdown

[RAG + Fine-Tune Baseline] vs. [Forge Custom Model}

A controlled PoC must prove a measured gap on your actual task where only a change
in reasoning closes the gap. If it doesn't beat the baseline, the cost isn't justified.
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‘The Executive Takeaway
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Forge Isn’t overrated —
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g ~ it'sover-reached-for.
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~aal The Capable Buyer: For mature, The Final Word: For the vast majority, the
sovereign buyers, Forge Is a real capability honest answer is not Forge, not yet, maybe
leap and a genuine advantage. never. And that is not a failure, it is fit.
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The discipline that matters isn’t picking the most powerful tool. It’s matching the tool to the job,

the data, and the maturity you actually have—and demanding proof before you commit.
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